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Abstract: As a key technology of 5G, massive MIMO system can significantly improve spectrum efficiency and
energy efficiency by equipping a large number of antennas in base stations. However, in massive MIMO system, ac-
curate channel estimation faces severe challenges. In order to estimate the channel accurately when the pilot sequence
length is smaller than the number of transmitting antennas and the channel noise is strong, the estimation method
N2N-GAN was proposed. N2N-GAN firstly denoised the pilot channel at the receiving end, and then used the condi-
tional generative adversarial network to estimate the channel matrix according to the denoised pilot signal. Simulation

experiments show that N2N-GAN achieves better robustness against noise compared with traditional channel estima-
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tion algorithms and deep learning-based methods. Meanwhile, it can adapt to scenarios with fewer pilot symbols and

more antennas.
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